Comparing Raster-based and Survey-based Cropland Change in lllinois, 1999 to 2015

Alicia Waller | Department of Geology and Geography | Eastern lllinois University

The Problem CDL vs. June Survey Analysis
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with this type of data acquisition is that similar-looking crop types or plant species can sometimes be on what data are being used, those -
mistaken for each other, causing error in the classification of LULC data. Xie and others (2008) discussed using the data typically do not report 1) S s 2007 2008 2008 2010 2011 2012 Figure 6: Spectral confusion in CDL between barley, oats,
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speculated that similar vegetation types on the ground may end up having different spectral values or vice obtained or 2) the data’s shortcomings. . spectral clarity between corn and soybeans (left, bottom).
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versa. This error can lead to misclassification of crops like corn and sorghum or varieties of small grains This can lead to dubious conclusions.
because of their spectral similarities.
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sources: the AWIFS (56-meter resolution) sensor
mounted on a satellite flown by India; 2) NASA
Thematic Mapper (TM) and Enhanced Thematic

shows differences in acreages by state. Positive values indicate NASS June Survey acres > CDL acres.

While no discernible patterns exist when mapping differences between the June Survey and CDL
acreages for planted corn and soybeans in lllinois and North Dakota, counties in shades of orange/red

= Mapper (ETM+) imagery at 30-meter resolution via indicated higher June Survey acres reported, while those in shades of blue/green indicated higher CDL .
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Figure 1: Cropland Data Layer web interface, Meter resolution) satellite; 4) the USDA Farm Service lllinois Corn North Dakota Corn

Agency’s (FSA) Common Land Unit (CLU) data used
for ground truth; and 5) National Land Cover
Database (NLCD) data that are used to classify
Image-elements deemed “non-agricultural.” For a
more detailed treatment on hardware and data
specifications and methods see Boryan and others

http://nassgeodata.gmu.edu/CropScape/

T e Varied results were found when the data were compared with one another, which stressed the importance
s . that data users must consider and question how the data were created, processed, and disseminated
B before sweeping conclusions can be made with respect to what those data reveal. Data and maps should
| continually be scrutinized for suspicious patterns (Gallant 2009), such as those found when mapping and
- analyzing land cover data using disparate datasets, and great care must be taken, if those data are used,
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Figure 2: NASS June Survey (QuickStats) web responsible for farming or maintaining that land =,
interface. http://quickstats.nass.usda.gov (USDA, NASS 2019).
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